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Ensembles of FMRCs
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Compact form of FMRC

Every month, another run
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Model Run Time Axis

The collected time axes are a 2D field

Forecast Initialization Axis

>
RUN 1  RUN 2 RUN3

1 744, 2184.

2 1440. 2904.

3 2184.

4 2904. 7320.
5 8040.
6 8784.
7 9528
g 5856. 10200
9 6576. 8040. 9528. 10944
10 7320. 8784. 10200. 11664
11 8040. 9528. 10944. 12408
12 8784. 10200. 11664. 13128
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Define FMRCs of each ensemble member(*):

yes? FMRC el = nmme_1_files
yes? FMRC e2 = nmme_2_files
yes? FMRC e3 = nmme_3 files

ves? FMRC el2 = nmme_12 files

... and then define the ensemble:

ves? ENSEMBLE nmme =el, e2,e3, ... ,el2



‘Diagonal form” of the FMRCs; the ensemble average

yes? LET diag = ts[GT(time)=TF_CAL T]
yes? SHADE/X=180/Y=0 diag[M=@ave]

LONGITUDE : 179.7E(179.7)
LATITUDE ; 0.35

Em(mdmﬁi?&ﬁ,\h te 12 (averaged) DATA SET: nmme

Ensemble series of 12 datasets patterned on nmme_1
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Verification Time ==>

Initialization Time ==>

twelve ensemble members, averaged



The individual forecast time series at this point

yes? SET REGION/x=180/y=0
yes? PLOT/ALONG=t/TITLE="Individual forecasts" diag
yes? PLOT/OVER/COLOR=red diag[m=@min,n=@min],diag[m=@max,n=@ max]

LONGITUDE : 179.7E(179.7)
LATITUDE : 0.35
CALENDAR: JULIAN DATA SET: nmme

Ensemble series of 12 datasets patterned on nmme_1

15t ensemble member,
only
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Verification Time ==> 6




‘Skill form’ of the FMRCs

LET ts_lead_view = ts[gt(time)=TF_CAL_T,gf(time)=TF_LAG_F]
FILL/X=180/Y=0 ts lead view [m=@ave]

LONGITUDE : 179.7E(179.7)
LATITUDE : 0.35

E R 12 e DATA SET: nmme
Ensemble series of 12 datasets patterned on nmme_1
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Can we quantify how
well the model did?

™= 300.2
=T
z 300
w 299.8
=

| | | T 2996

150 250 350
FORECAST LEAD TIME (day)

Surface Temperature (K)(regrid: time series view, forecast visualization view using 2d TF_TIME*)




LET ts_fe =ts_lead_view - ts_lead view[N=1]

LET ts_stddev = ts_lead_view[N=1,L=@std] Normalized
LET/TITLE=... ts_nfe =ts_fe/ts_stddev forecast error
FILL/Y=180/Y=0 ts_nfe[m=@ave]

LONGITUDE : 179.7E(179.7)
LATITUDE : 0.35
(realizati 1t 1
e e iay = 12 (averaged) DATA SET: nmme

Ensemble series of 12 datasets patterned on nmme_1
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How long in advance were
our forecasts “good”? '
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Say, “good” == abs. val. of error within 0.5 std dev of ‘t_init’ value

LET ts_abs = ABS(ts_nfe)

“F=@loc:.5” finds
the location where

LET tS_Ski”_day = tS_abS[F=@IOC:.5] / the curve crosses .5
LET/title="...” ts_skill = ts_skill _day/30.3
PLOT/X=180/Y=0 ts_skilllm=@ave]
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yves? FILL ts_skill[M=@ave,L=@ave]

Global “good” forecast lead time (months)

TIME @ 01—JAN—2012 00:00 to 01—-DEC—-2014 00:00 (T ave) JULIAN
E (realization) : 1 to 12 (T ave)
FORECAST LEAD TIME (day) : 0 to 365.22 DATA SET: nmme

Ensemble series of 12 daotasets patterned en nmme_1
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yes? FILL ts_skill[L=@ave,M=@std]

TIME : 01—JAN—2012 00:00 to 01—-DEC—2014 00:00 (averaged) JULIAN

How robust is our o TIME (g ond aviion) DATA SET: nmme
. Ensemble series of 12 datasets patterned on nmme_1
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